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Autonomous agents Iin cyberspace
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https://arxiv.org/list/cs.AI/recent
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(‘) d 7 (‘) (‘) -[ Al investment dwarfs world's mega projects
Investment in Al amounted to $1.6 trillion over the past decade. This substantial

expenditure dwarfs even the largest scientific and infrastructure projects.

Unprecedented race to mental matrix. ESCAPE THE £)

. - MENTAL
Our goal: create helpful agents, but stay in control. MATRIX * o

Investment
(2013-2024)
Interstate

C t t Themes Highway System $.'|.-6
urren mOS to build US h.ighway network trillion
of 46,876 miles (75,440 km)
. PERSONAL AND @ TECHNICAL ASSISTANCE Statue of Libert (1956-1992) l
CO m mO n USE - PROFESSIONAL SUPPORT @ AND TROUBLESHOOTING atue of Liberty

"""""" o $620bn
CONTENT CREATION CREATIVITY AND - \

Harvard Business AND EDITING RECREATION \
- LEARNING AND @ RESEARCH, ANALYSIS, 1 \
Review9.04.2025. EDUCATION W AND DECISION-MAKING Y
The International : / gﬁﬂ

ovy
About 93m
(305ft)

Space Station J
Usecases 2024 2025 K 1984-201) Y ppotoprogram |
to land humans .‘
The rapy; Generating Therapy/ The;‘r:f‘eh;“a" $159bn —— on the Moon .
. . ideas companionship o deveb; the first Hl” _" _‘ _‘ i (26-1975)
Companionship, o === $250bn
Therapy/ Q Organizing my life (1942-1946) et
: . companionship (new use case) =
Organize my life, . $360n
n S[JC‘Ci“C 1'/!,'“,‘ ™ andjng purpose $'|00bn
Find purpose. AN W ety
Editing ‘ Enhanced
text learning
4 bl n Smartpho nes. Exploring topics 6‘2@ Generating code
of interest L e~ | Shows stacks
| g (for pros) |\ ot 100 bills

Fun and Generating * T ' K_/ _
nonsense ideas i 4@\9
Note: All figures adjusted to 2024 US dollars e
Troubleshooting Q RE

FU” and l”AJ LABS Source: US Bureau of Labor Statistics, Statista, Planetry, Stanford Unlversity, Quid ALJAZEERA
N

The US Natlonal Archives and Records Adminlistration | February 19, 2026
nonsense



https://hbr.org/2025/04/how-people-are-really-using-gen-ai-in-2025
https://hbr.org/2025/04/how-people-are-really-using-gen-ai-in-2025
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May the Force
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https://www.science.org/doi/10.1126/science.adl1203
https://qant.com/
https://lightmatter.co/
https://groq.com/
https://spectrum.ieee.org/biological-computer-for-sale
https://ai-2027.com/_next/image?url=%2F_next%2Fstatic%2Fmedia%2FepochLLMprice-nowatermark.824fa343.png&w=1920&q=75

The Exponential Compute Ramp: IheExponiential Result

Why Al Progress is Unstoppable 1,000x

U|_1der4

minutes Increase
Since 2010, frontier Al Raw Hardware Performance Growth @ by 2028
training compute has (2020-2024)

grown 1 trillion-fold. This

: o =, 167 minutes 2025
is a holistic revolution in
coordination, involving »_ 500x Faster
faster data delivery and AN Training Speed
Warehoqse'scale 2024 (NVIDIA B200) BERT model'tra_ir'\ing time @
networklng. P Der o a e e dropped significantly. :
2,250 TeraFLOPS = Effective compute is
Memory Bandwidth: projected to grow by
2022 (NVIDIA H100) 8.0 TB/s another three orders
Raw Performance: of magnitude within
2020 (NVIDIA A100) 989 TeraFLOPS LI EoyeaIs:
Raw Performance: Memory Bandwidth:
312 TeraFLOPS 3.35TB/s
Memory Bandwidth:
The Three Acts of 2.07B/s

)

Compute Scaling
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Shift to Autonomous Agents

Massive compute enables the
transition from simple chatbots to
semi-autonomous Al teams.

Act 1: Specialized Parallel Hardware Act 2: Breaking the “Memory Wall” Act 3: From Chips to Campuses
GPUs moved from rendering games to High Bandwidth Memory (HBM) and High-speed interconnects (like NVLink)
performing trillions of parallel matrix lower-precision calculations ensure chips stitch 100,000+ GPUs into warehouse-sized
multiplications for deep learning. spend less time waiting for data. supercomputers that function as one.
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The Platonic Model: Bridging the Gap Between Brain and Mind

From Molecules to Symbols

dynamics with psychological feature spaces.
Large-scale
Brain
Structures

Single
Neurons

Quantum/

Molecular levels
Anatomy of

the Mind Space

Mind Objects
(The Shadows)
Quasi-stable attractor
states in the brain
represented as ‘shadows’
or fuzzy regions.

The Mind Space
(The Arena)

The Platonic Model (The Bridge)

An intermediate theory connecting neural attractor

The Rational Mind

The highest level, where
neurodynamics are simplified into
discrete symbols and logical

Learning Effect Comparison

® O

Neurodynamical Psychological feasoning.
View View
: Deepening basins  Error-driven < / >= | e
Learning of attractore association learning ® )
¢ N

: Attractor activation Frequency-based
Probing by inputs recall (Base Rates) ? !

- Movement in mind Mmmediate reactions : &
Intuition without symbolic

space topography

logic : 1

Mental Dynamics
(The Stream)

Thoughts are represented
as a 'mind state’ moving
through space like a
searchlight.




The Hierarchy of Feature Spaces

/]

N\
Feature spaces are %‘ oy
i Global dynamics </ Ind space
h'ghly mOdU|al'. Frontal lobes O ﬂ | New obje.cts
temporarily constructed
Primary senses feed ®
intermediate memory >

spaces. F_JJ TL&\

These intermediate

spaces compete. The Long-term 7 5N
winners enter the Global memory Y
Global Mind Space, o > =
forming Short-Term Pricsl i

Memory (STM) and O s

conscious thought.

Primary sensory >
and motor maps <

Auditory Other maps

Vision
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LLMs as Physical Systems

\
Autosompletaisonly Why the autocomplete metaphor is too small | gw | ic store —
a surface description s compatibilities, and tendencies
landscape of possibilities 2 fil binet of fact
g ; " e Itlooks like next-token — 108 8TING CANNeT OTIacS
tThe capital of | J eocicfion
- ' e T » They encode relationships
France is e But it hides the rich . ; -6) 22 across vast amounts of text.
* 9.5 4 *le: o
the U.S. is structure underneath. energy Rn ?&}’.‘.a o e What is stored are patterns
. e Focusing only on the (likelihood) SOSREASL0 L0 of co-occurrence and
Japanis 4 Toev®le.ig- i
next word misses the R L2 compatibility.
real dynamics. AL g e These patterns shape what
\ 28 >y responses are easy, hard,
or unlikely.
™ A
The same prompt can produce
different tones, answers, and ideas A better mental model: a physical
N system settling into a stable response
@ Helpful and friendly e Small changes in settings e _,
explanation. or context lead to very e Prompts set initial conditions
= different outcomes. . ! ;’: fiielandseage. I
iz g : N ) i : . e The system moves, explores,
[Q g:::;:;;‘:matwe ® The model is exploring oo W and settles in a low-energy
—  many possible paths. 4 » (credible) state.
@ Concise, factual e There is no single ‘ e Parameters and randomness
answer. “correct” answer baked in. meanina space affect the path and the outcome.
N g spa e Stability, not lookup, produces
k. .3 (Phase Space) the response.
N
S Promptin Temperature REEE] inati
What this view g P e Hallucinations
s Why framing, examples, Why randonmess changes Why providing context Why the system can settle
explains and constraints strongly the path taken through reshapes the landscape in plausible but incorrect
change outcomes. the landscape. and guides the system. o9 valleys.
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The Geometry of Attention: Navigating the Brain's Attractor Landscape
( SECTION 3: THE GEOMETRY OF ATTENTION (STATE-DEPENDENT CHANGES) ) Attention is Intrinsic
. = . ional fluctuati flected i
Effortful Tasks: The Steep Terrain _ Narrative Engagement: The Flat Terrain amm mﬁ;"‘;ﬁ“&’,{;{;ﬁé’;’nﬁ‘ 3@?&"3:;),
P v e rather than stimulus-driven (extrinsic) activity.
” Neural dynamics move faster and more '@ v —
_ indicating a steepeni . R
Mot loimanniomion Juth _i sinin/ - / Landscape fiattens, activity moves slower
. = \ ~.and is directed away from attractors,
T -\s‘taying in a flexible "central” state.
VIS
Fixed (Visual)
Functional Anchors
Attractor locations are largely FOI.I’ Stab'e Am clm A 3 2
consistent acress individuals Neural trajectories naturally converge toward four primary The “Intrinsic Vector
and are constrained by the valleg aligned with the DMN, Visual, and This represents the “drift” or
brain’s hierarchical sory-motor networks. flow of brain activity governed by
functional organization. internal connections, essentially
—{ SECTION 2: THE ATTRACTOR LANDSCAPE (THE “VALLEYS®) ) ey L
~ Intrinsic Dynamics
— (Internal Regional Connections)
200 Cortical Parcels Decomposing Neural Drivers eolabooiigasor
atack it covesog the ot Stcs s sk O s
15 Cotine laste-ocnsa reaional " Extrinsic Perturbations : -
Dag;mygzd e er;?n . _ (External Stimuli: Sight, Sound) rest, tasks, and movie-watching.
{ SECTION 1: THE ARCHITECTURE OF THE MODEL )
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[ Category traffic light: Passive Viewing ] [ Category zebra: Passive Viewing ]
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https://doi.org/10.1038/nature17637
https://transformer-circuits.pub/2026/nla/index.html
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Sometimes we try to complete the sentence. Sometimes it comes all at once.

Create gradient field towards attractor basin where images/concepts linked to some labels are stored.

A“.-
.0!'/// c
[Ty
[ -——

’
f
{
\

P -

o ———
————wY

\
\
\
\
\
{
/

N
‘\1\\\\.\\\1’.‘/

ettt O

———— LS
e
et P
e o e e ]
o
B et ]

e v v v S
lr e
lrr e m m S

R e .
- ——— s N e e - -
| s N e e e e

e e at ot ol L NG N

N

lr o o ~
“““ R et et “Sabababai K SN
““““ .\\.\A\H’f’f’fﬁ. N
““““““ -

“““““ D et

\JoA DA A0 AL Ll £ AL & L3 iy LA A A ] g A AT 2
VEREEA R A e s s aea FRR b B ffid A A
ISPl s (A S B A A L AT S A ST
b8 (S T el L (ARt St S0 N A0 A AT S ST A
A LA A e A R S R ER AT A £ ) S S AT
i A e R R L A AT T Al
Vfrs el iR A YR VR R S0 S A 2 o S A
e RS R TR S A AT e A e
Tkt ST RIR IR 1 AT A s sl e e
NINCNEY P S W LA
WXL LS Ao S S0
NN\\{/ /77
N NN\ G frrss
AN A
| FAY
b ALY
»-~\“‘\\\\\\.’/f?0§\\\\
\r//////‘\\\\\‘l/’\\\\\\\
AT NSNS e ey T
$ U3 Y NSSNNNANNNENRRRL S S S 2 L -
FR P78 NN L VAR, S~ o~
FEE77 1 NN~
117 N -
‘“\ l m#rr 7 RN~~~
POLLL L | L0 0L S NN
AL LETNNN N NN\~
FAC AP AP AT L L0 VL U LR R AR
NS EER N NN
AL VNN N NN Y
LR LA NN N NN
N AL R NN Y
\C Sl 7 P B S 4 SRV AL
X P TS T R S 6 O VA YL G R

NR 2 { a

a

A2y Kl

a

~

Yy St ® 5AFTFdz

(KCBK

N.&i i

7
"

L1



https://www.youtube.com/@depth-first

Field Theory Redefined: From Kurt Lewin to Modern Neurodynamics

The Foundation: Lewin’s Field Theory The Core Formula The Modern Bridge: Neurodynamics

From Energy Fields to Attractor Networks

hodological “Life Space”

A psychological
field where
values, needs,
and goals act
as forces
on the
individual.

— Negative

4= valence
Values Barriers
¥/ -
& yr

Needs ' i Threats
==

Go% \ Threats
Needs
+

Positive valence

energy field attractor states

Mapping Neural Trajectories
Recurrence Plot Multidimensional Scaling (MDS)

State space

The 3 Stages of Mental Change

Recurrence Plot Trajectories in neural state space

Multi-Level Phenomics

%’ % &)
Unfreezing Transition Freezing Genes & Signaling Neurodynamics Behavioral

Escaping inertia Movement Crystallizing new behaviors Pathways Syndromes
A NotebookLM



The final frontier: A physics-like theory of mental events

Simple 3D models solve the Inverse Base Rate Effect, but The ultimate challenge: Mapping
true mind visualization requires high-dimensional spaces massive-scale P-spaces for real-time
with non-Euclidean geometry (Finsler spaces). neurocognitive categorization.
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Simulating the Stream of Consciousness  *

Distribut tivit .
140 distinet newralunts  The Architecture of Thought

» The Layers: Neural units map connections
A ht ik s bidirectionally between Orthography (vision), .
RN RIS | Phonology (sound), and Semantics (meaning).
» High-Dimensional Meaning: The Semantic
layer distributes activity over 140 distinct
neural units (microfeatures) to define a single
concept.

» The Stream: Overlapping microfeatures allow
thoughts to transition fluidly from one attractor
to the next. The phonological output of these
transitions models our internal “stream of
thoughts”.
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The Paradigm Shift in Modern Psychiatry

FROM: Behavioral Syndromes (The Illusion)

Traditional psychiatry (DSM) categorizes mental iliness
based on presenting signs and behavioral checklists.

The Flaw: Parametric theories fitting models to data without
capturing fundamental underlying mechanisms of dysfunction.

TO: Neurocognitive Phenomics (The Reality)
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Psychiatric disorders are not isolated checklists; they
are physical dysfunctions in network dynamics.

The Goal: Aligning complex psychological concepts (self, intelligence,
consciousness) with measured neurocognitive phenomics.

A\ NotebookLM






