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https://arxiv.org/list/cs.AI/recent
https://flipboard.com/@Wlodzislaw
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ART, MUSIC, Al, NEURO-TOOLS:, BRAIN HACKING
BRA By Wlodzislaw By Wiodzislaw

= ¢ Viodzistaw "l Duch >l Duch
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BRAIN

_FUNCTIONS

By Wiodzislaw
Duch

NESOOWEG HORDITITA

AUTISM

By Wilodzislaw
Duch

TIREAMIFNEILM

OpenAl Platform IIS“IE

MOLECULAR

AN HAGY =

Time*Group

Time

MATHIN THE
BRAIN

By Wilodzislaw
Duch

MEDICAL

" DISCOVERIES®

’Bywwnz_»slaw
'Duc.h L' 5

T feeling of o Unified self i

a mental fiction the brain

creates to maintain
consistency.

'ES WANTS, AND

i AL ALNG: LN
NCTYT 7 INTERSECTION
|ATTER, LIFE AND NIND

MEDITATION &
WELLNESS

By Wlodzislaw
Duch
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https://dataphys.org/list/slime-mold-imitates-the-united-states-interstate-system/
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NVIDIA’s
Blackwell

New powerhouse
fueling the next
wave of Al
innovation.

() AKHETONICS

The World's First
All-Optical
General-Purpose
Processor

Cerebras Wafer-Scale Englne

w2l yAS aleo121062 aLIRI | dzoeOAS SYSNHAAZIZ |
Optyczneneuromorficzne kwantowe, organoidyortical Labs CL8D0 000 cells chi
2 Atl1all LI YAtOE aleéeoalS 122N SYAST 06N

~

9-900 x mniejsze koszty/rok. PGS3 | Yy | Zb | waplpjekeieYPIASEUroHPC



https://spectrum.ieee.org/biological-computer-for-sale

MegaCentraAl

@ OpenAl TRUMP == SoftBank
INTRODUCING

ST

P TR ey

Projekt/Lokalizacja Firma / Konsorcjun Moc obliczeniowa Moc zasilania

Stargate (USA + OpenAk Oracle + docelowo ~10 GW ~7 GW dla 5

globalnie) SoftBank+partnerz' 1 min kart

Project Jupiter OpenAkOracle + n OSy i NI
NM,OT t 1 6 { StdckhBaktrincure kompleksu

Columbus, OH Microsoft +OpenAl ~1EflopAl

Data Center

... Amazon AWS >100Eflopdo 2030
Campus, Wirginia

Google Gemini Al Google >1 exaflop

Meta Al Research
Alabama + Dania) Meta ok. 600 000 GPU

XAl Gigacenter xAl(ElonMuskK > lexaflop

~1 exaflop

Jupiter WN f) A O KEuroHPC (CPU+GPU)

docelowo 10 GW
StargateNorway  OpenAlAker Nscal ok. 100 000 GPU 230 do ~520 MW

700c900 MW |
mnn Y fAC

ok. 510 GW

~5 GW

~v D2 OD

P Engineering Facts
65 GW OpenAl’'s planned data center in

Abu Dhabi would be bigger than
~1 GW Monaco. The facility will cover an
astonishing 10 square miles.

~15 MW |



Kogni
Nauki kognitywne

Laboratorium

neurokognitywne Nandechnologie- substrat

Fizyka Kwantowa

Bio Egzaflopowdomputery
108 ¢ 10?1 op/sek
Biohybrydy Karty graficzne GPU, TPU

Meta: 600 000 kart H100
Komputeryneuromorficzne
optyczne, kwantowe ...
StarGate- 500 mid $ ?

Info
Informatyka, inteligencja obliczeniowa/sztuczna,
uczenie maszynowe, sieci heuronowe



https://www.youtube.com/watch?time_continue=98&v=V1D4FPNnoig

t 2Nb gy | y-BMM

GENIUS VS Al (FEB/2024)

e O

Average
human

Terence Tao

1Q percentile 50" >99. 9"
Languages 2 2
Books read 700 700+

Working memory 7 words 9+ words

Long-term memory 747T8B 747T8B

SAT score 1050 (50")

~1460 (97™)

&’ LifeArchitect.ai/IQ-testing-Al

William James
Sidis

>99.9*
25+
700+
9+ words

74TB

GPT-4

>99.9"
90+
4,000,000+
128,000 words
4078

1410 (94™)

Gemini
1.0and 1.5

>99.9"
200+
10,000,000+
7,000,000 words

80TB




Maszynowy indeks 1Q Al

1Q Test Results

| Show Offline Test | | Show Mensa Morway

Mensa Morway 1O Scores (Average of last 7 tests)

2 OpenAl GPT 5 Pro

*. Gemini 2.5 Pro

-2 OpenAl GPT 5 Thinking
& Openal GPT 5 Pro (Vision)
5 OpenAl GPT 3

& Grok-4

= Claude-4 Sonnet

=) Claude-4 Opus

¥ DeepsSeek R1

i s ® Manus

'@ Lama 4 Maverick
“' @ Perplexity

& Grok-4 (vision)

. WERROR
[ [ ! [ [ [ [ [

50 60 7a a0 S0 100 110
Average |G

@ Grok-3 key

C:_J Llama-3.2 {Vision) >

Mistral

. Gemini Advanced (Vision)
t Gemini 2.5 Pro Exp. @ GPT-4o (Vision)
{ . Bing Copilot pap OpenAl ol Pro
me OpenAl ol Pro Mision)

(%W DecpSeck R1

OpenAl o1 (Vision)

OpenAl 03 mini high

|&

1/2W

L Gemini 2.5 Pro (Vision)

~ Gemini 2.5 Flash Thinking.
W DeepSeck V3

T @ Claude-4 Sonnet (Vision)
E‘:} Claude-3 Opus M Mistral
¥ Gemini 2.0 Flash Thinking Exp ) Bing Copilot
~ ® crT-40
@ GPT-40 @ Claude-4 Opus (Vision)
% GPT-5-Thinking-Vision
5 OpenAl GPT 5 (Vision)

@ GPT-4o (Vision)

£ Llama 4 Maverick {Vision)

140 150

Opendal ol
& DespSeek V3
Opendl o3

40

50

Mensa Norway

70

60 70

76

80

128
128
127
119
17
114
102
100
a7
96
a4

a3

93

93

o9
a5

143
135
135
140 150
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LEARMING AMD

bardziej z problemami EDUCATION
psychologicznymi,

I : CREATIVITY AND
egZyStenCJalnymL RECREATION

‘4 Themes

‘ PERSONAL AND
:’RO F\S ONAL S‘JPPORT

C ON ENTC RFATI[)N
AND EDITING

LEARNING AND
EDUCATION

Use cases

Generating
ideas

Therapy/
companionship

Specific %
search Ut
Editing

text

Exploring topics
of interest

Fun and
nonsense

Troubleshooting SRS

Enhanced
learning

Personalized
learning

General
advice

gl TECHNICAL ASSISTANCE
A«NDTROU[:LFSHOOTII\(

CREATIVITY AND
RECREATION

RESEARCH, ANALYSIS,
AND DECISION-MAKING

2025

Therapy/
companionship

Organizing my life
(new use case)

Finding purpose

(new use case)

learning

“ B Generating code
W (for pros)

Generating
ideas

Fun and
nonsense

B Improving code
= (for pros)

Creativity

Healthier
living


https://hbr.org/2025/04/how-people-are-really-using-gen-ai-in-2025

Al jako Ministra? e

Diella(qpol f 6 Z2a 1 dz { ©2Z20S0 (2 &a&adasSy !'L T NRoA- _ L
NationalAgencyfor InformationSocietyof Albania (AKSHI).

Od stycznia 2025 jest wirtualnym asystentem zintegrowanym z
LJ | 0 BRAMNED 2 FSNHz2NON nnn dzi Odz
wWS2 T FRIFIYASY 2Sad LRYI3IFId 20
St STGNRPYAOI ye OK dza0dza o

2S ¢gNJ STYyAdz Hnup NI BR Shffdal yA
"Minister of Statefor Artificial Intelligence2 ¥ ! f 60 I YA I a

t NEBYASNI ' f0FYAA 9RA wl Yl LR2g

LINI ST al dzO1 yn AyaSt A3aSyoet R eI

LI NI I YSYOAS &ag?2 aéaz IN\N-JERNNRR @4  Uné jam ndihmési yt pér cdo pyetje qé
INI2dz yI NI SOl LINJ @&UNLIASYyAL mund té kesh pér e-Albania.
12yOSyiNBgslto &aAt Yyl bAyyzgl o2l OK A &l GdzOl ySe
Rgs OK &GN §SIAO0T yeOK FTAELFNFOK RIAFOIFZ yI NIS


https://en.wikipedia.org/wiki/National_Agency_for_Information_Society_(Albania)
https://en.wikipedia.org/wiki/EAlbania
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[Category traffic light: Passive Viewing]

[Category zebra: Passive Viewing]

% {IFOREY LR2t OASY 1T é6ANI ye 2Sa0 NRIJOIFIR LJ3206cC
aSYlFIyleolySea AYIUSNIINBGIFI O2A L2222t 2Re20dz2N0OE
I FOK2¢l YAl X &LRldadamnlyczRGalant@abyBerkeley).

“BNR T dzYASYAS geyYl Il 6aLls ORI A OFIYAlF 04d8YyOKNRY )
Y2 2N YASOASElA o6LRYyAdDS2 I NBRYAS20X Ol SNB2ye
Brainbasedsemantic¥ &Sy a L322t0d U2 1 06As3NI 020K OSOKesx


https://gallantlab.org/brain-viewers/

ldesy2716 12N

mierzona przefMRIjest dontin, CAtEQOTy-average patterns
skorelowana z cechami z Mg 0

30t 0621 A0K ais m@w.mmgzﬂm
nauczeniu na 100 obrazach. : fMRI activity ~ Decoder ~ Predicted . turtle’

1, RdzSe2 ot 1@ - e .

wybierany jest obraz o " : "8 ‘leopard’
}/ I 201 NRI ASZ2 | an orifnined ) Sy ‘ ,
cechach. Training data set L : skyscraper
Horikawa Kamitanj Image B2 )N = 2 F’ :,‘";f? ‘dolphin’
Generic decoding of seen an E oy pay e —

Brain act P Y eee
imagined objects using in activity (g E[: Aegt JI
hierarchical visual features. Feature pattern w.fl i . u.d

Nature Comm. 2017.

‘ostrich’
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Rekonstrukcja semantyczndMRI

1
Feature
extraction Encodin g {t)

Candidates

M-St

Predictions

Proposed
continuations

Y model

1.5-32 0.6

isaw a

dog

-
—_—

28 02 15
-02 21 22

03 09 -27

p—

Encoding
model

-1.5-32 0.6
28 02 15

isaw a
dog with

isawa

dog and

isaw a

big dog

02 21 22 /

03 09-27 BT /
B a Likelihood

isaw a
big truck T (.

Actual stimulus

I got up from the air mattress and pressed my face against
the glass of the bedroom window expecting to see eyes
staring back at me but instead finding only darkness

i didn't know whether to scream cry or run away instead |
said leave me alone i don't need your help adam
disappeared and i cleaned up alone crying

that night i went upstairs to what had been our bedroom
and not knowing what else to do i turned out the lights and

lay down on the floor

Decoded stimulus

i just continued to walk up to the window and open the
glass i stood on my toes and peered out i didn't see
anything and looked up again i saw nothing

started to scream and cry and then she just said i told you
to leave me alone you can't hurt me i'm sorry and then he
stormed off i thought he had left | started to cry

we got back to my dorm room i had no idea where my bed
was i just assumed i would sleep on it but instead i lay
down on the floor

Candidates
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https://youtu.be/1pgiu--4W3I?si=s6HMFpA6Sf2DECEX
https://www.youtube.com/watch?v=EhndHhIvWWw

Wiele modelitext-to-image,lub text-to-video, to modele dyfuzyjne:
{OFoAftAGe 'L {dGFrotS 5AFFdzAA2Y S hLISYy!L 5
Language to Image Diffusion for Generation and Editing), Midjourney.

¢NJ yATF2NYSNE [ [ atokédNI S 4
/T & GF1 LRgaiulan 2RLE Y
RéaldzaaeAazx GF1 21 yI ai

hoNJT 82X Yel fli2 FaREclA || ¢
neuro. Szum (temperatura) decyduje o tym,

jak nietypowe (kreatywne) skojarzenia
ITFF10SLXi261 6




Biologiczne sieci nheuronowe Sztuczne sieci nheuronowe
Stany poznawcz@ Aktywacje reprezentac

{)\ASC))\A R21 2y dzn f[gIYLJNEIéaaéNJ{F&zNNBO\EAN)\E)/é LIA ]
| LI21T yIFYyAS 20Nl 156> aSyadz LI GLI -
Kompresja muzyki (mp3) czy wideo (mp4) jest zwykle stratna,
zachowuje tylko istotne elementy.
wasl I3A OANIES R212ydz2nN 12YLINB3ae2
glLoye 2Said 23dstyeée asSyasz | yAS
w! Ol SYyAS &aAat fdzRI AT 2F1 A LINJ S
02 12YLINBaagl AYyF2NXI O2AY GSy a
1 f 32NRBOYe dzO1l SyAl Yl aleyz2gS3az2 2L7
Algorithmicinformation Theory(AIT), MinimunDescriptionLength(MDL) ...
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Wiedza
kompresija
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GAN: Adversarial
training

VAE: maximize
variational lower bound

Flow-based models:
Invertible transform of
distributions

Diffusion models:
Gradually add Gaussian
noise and then reverse

Kompresja | generatywna Al

Discriminator

v

D(x)

Encoder

X0

\d

9s(2[x)

Flow

f(x)

Generator

Decoder

G(z)

y

po(x|2)

—»Xl- >X2

Inverse

4

f7'(2)

Wiele metod kompresii.

Po kompresiji informacja
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Wiele model teksbbrazy, teksts A RS2 dzoeé gl dzZl NBEdeOK Y2RSft A F
StabilityAl StableDiffusion OpenAB ! [ [ T 9 HageGEDBAViidfdurney.
RectifiedHR3/2025)tworzy obrazy w 1/10 sekundy!

e¥dz e2yS Yz23Dn
T YASS T FYALF AU
Nie, S. et al. (2029)argelLanguag®iffusion
Models arXiv:2502.09992

~

LLaDALarge Language Diffusion withAsking



https://arxiv.org/abs/2503.02537v2
https://doi.org/10.48550/arXiv.2502.09992

Humanoidalne roboty

Price from $16000 :

Humanoid agent Al avatar

Projektyd w2 0 2 0 A 0a FT@&HU.! 3SAy3I 2Stfé
Targi REHACAREZ%/09.20245 N&d 4 St R2 NJF
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Surrealist art ,‘L Artificial intelligence E The persistence of M“_LION
STREAMS —
SHOULD REAL
ARTISTS BE WORRIED?

T 5»‘_‘1”,.,'"

! s

DSYSNruegyl !LY hoJe &
&

B
\

(3 Freepik 2 Easy-Peasy = Al Image Generator Pro.. @ Freepik (3 Freepik 2 Pixabay @ Freepik Dreamstime.com & Hypernatural
salvador dali | Premiu... Al Salvador Dali Gener... Al Images of The Persi... Surrealistic image with.. salvador dali | Premiu... Download Ai Generate... salvador dali | Premiu... Surrealistic Image with... How to make Salvador...

B Al Art Designer @5 NightCafe Dreamstime.com @ Freepik @ Medium @ Freepik 2 Easy-Peasy.Al Dreamstime.com @ Freepik
Al Art Styles — Surreali... Salvador Dali Style ... Al-Generated Salvador... salvador dali | Premiu. .. Mind of Dali, Hands of ... salvador dali | Premiu... Surreal Large Flower B... Surrealistic Image wit.. salvador dali | Premiu...
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GameNGen
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open door move forward

turn right



https://gamengen.github.io/

OR REMIND ME 10 BUY THIS GIFT

4w FOR '\"'I;R'EN META RAY-BAN UPDATES

. = Meta Al video allows glasses to see
=% |nreal-time

= |[ncludes live translation and
location awareness

= |Intergrations with Spotify, Amazon
Music, iIHeart

BREAK.NG| META ANNOUNCES NEW CAPABILITIES
NEWS | FOR RAY-BAN SMART GLASSES

Al glassethat understand the world, learn names of objects, explain what we see, read, and remind
us of things, where | left things, parked my car, what to use in my cooking. Integrated with media.
Introduced 1718.09.25the future of human connection.



https://www.youtube.com/watch?v=scDLJAYrHaE
https://www.meta.com/en-gb/connect/

Rozumowanie



Inteligencja to tylko kwestia skali?

SCALE IS ALL YOU NEED -

AGI IS L‘OMING




Model size (billions of parameters)

Exponential growth of LLMs stopped
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1997, Deep Blu&asparov.
2016, AlphaGd.ee Sedol
2017, AlphasoZerol00:0 !
2017, Poker, Dota 2;
2019, Starcraftll,
2022,Strategg Diplomacy
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=== AlphaGo Zero 40 blocks  see=e AlphaGo Lee eeee AlphaGo Master
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Synthetic LLM-as-a-Judge Data Creation Optimization

Generate good Select :
response correct A [[

. ] , : verdicts
‘ ' (o' A 20, SFT

Generate bad
response to .’ Next iteration mode

training
judgments ./
Generate - .
similar
instruction A [f +1

JakAlphaGd SNR Y dzOl &At &naghotzanhi G S yall 122000 SNDALS ygté Y| 3| 2
€S &l y2dzO0l nOeé &aAt Y2RSf o6{¢90 NRBOA 02 alYZI 4
2R YAS21I Yyl 126 yeOK LINI &10OIRsg®d® [[a dzOl & &aAt NI
{¢9 LI2LIN} F0BUY &L NHDEo [ 71 RewdBenghy::LINI SgSEI0QGAIS 2NO 2
GPTn ¢6eiuNBYy26FYyS yI LINJI &10FRFOK 21Tyl Ol 2yé& OK LINJ
Wang TX & Li, X. (8/2024elfTaughtEvaluatorgarXiv:2408.02666



https://doi.org/10.48550/arXiv.2408.02666
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¢ KS 51 NBAY DI tiaSrhproeekitseKby iévaitng its bwn code (5/2025)
https://sakana.ai/dgm/

5Da 0 dzRdze NDwyspetlalkdwangizhigens 6> Y2 ReTA1dz2NO 2S 4§
nowychl | Rl Z ®
ZweigeE | Xgrawa] P. (6/2025)SeltAdaptingLanguagdviodels

SelfAdaptingLLMs6 { 9! [ 0 ISYSNHzZNO 60lFaysS RIYS oé 4
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Wangzg ¢ X 3 [ SefTaugiMEvalyatons n H n 0 @

{¢9 dzO1I N aArAt Yyl RIFEIyeOK adaeyuSieol yeOKs 3ISy!
Schemat iteracyjnego samodoskonalenia tworzy dane dla kontrastywnych modeli i trenuje
Y2RStS [[a R2 20Syé a462A0K RIAIOFZo®
ZhouY,LevineS, Weston J, Li X,Sukhbaatas (6/2025)SeltChallengind.anguage Modehgents
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https://doi.org/10.48550/arXiv.2506.10943
https://doi.org/10.48550/arXiv.2408.02666
https://doi.org/10.48550/arXiv.2506.01716
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W OpenAl Baker, B. et al. (3/2%)etecting misbehavior in frontier reasoning models

a20SYe Y2YAU2NRBgLO OFZ0dzOKe YelfA [[ad® YI NIy
VASLIZONDRI yeOR dtall OKA1@&HA 2 R2 dzZIl NBEglFyAl &ag2A0K
[ dzZRT AS Y23N LRRIGAIR2YAS 3IASYSNRgl 6 asSieSyoet
Unconscioushoughttheory (UTT) ApDijksterhuis (2004)b A ST 6 A R2YS Yeél f Sy A
LINPOE SYAS Y20S LINPgIRIAG R2 fSLAI&OK NRBI gADNDI
W Zelikman E.i inn. (2024). Quie6TaRLanguage Models Can Teach Themselves to Think Before

SpeakingarXiv:2403.09629

Coconut(Chain ofContinuousThoughy} prowadzi rozumowanie W przestrzenl ukrytej.

2 30FyAlL2n aAat Tl lFglyazgelysS g1 2NDS NRI dzZY2é!l y A
W{d 12 SiG If®Z a ¢ Ndokivudug Faterft Spagd> MH KWHSAHIR Y A Y
M ercur} ,’ mOdeledyfuzyjnee t' T "y Chain-oi?hought (Co:') Chain of Continuous Thought (CoconuTt)

Last hidden states are used

LLaDMNiei inn 2/2025 output token G| E| By | nswed L beddngs e

(sampling)

last hidden state I ' I . .~ .\ . .

Large Language Model

input embedding \._, . \._, . \, .

| |
input token ion] |, % |\ X1 | K Vi) [Question] <bot> <eot>



https://openai.com/index/chain-of-thought-monitoring/
https://en.wikipedia.org/wiki/Unconscious_thought_theory
https://doi.org/10.48550/arXiv.2403.09629
https://arxiv.org/abs/2412.06769
https://www.inceptionlabs.ai/
https://doi.org/10.48550/arXiv.2502.09992
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Basic Input- Multiple CoTs (CoT-SC) Tree of Thoughts (ToT)
Output (I0)

Graph of Thoughts (GoT) [This work]

Backtracking
InPUt Branching out ; from a chain
* from a chain 7 0

Output

Backtracking

/| \“’

L\i\?\?

A ti \ A Aggregating
gg}rliulggsmg Q thoughts

Key novelty (beyond ToT):
Arbitrary graph-based thought Output
transformations (aggregating

thoughts into a new one,

looping over a thought to

refine it)

Thoughts:
Unscored

Positive
score l
I, Negative
" score : Key novelty
Aband h: y
Dependencies Output A E}b eyo"g CoT-Ssa)l:
enerating seve:
between thoughts (Iﬁey HO‘;'%WT) new thoughts based Intermediate
Key novelty: eyond Col): o on a given arbitr: thoughts are
Abandon thought Intgrmediatg Harnessing multiple f_ﬁ; ];)ilg[: ::;g?e thouégljlt, explorir?g also scored
LLM thoughts independent chains it further, and possibly
within a chain of thoughts backtracking from it

Selecting

.. Backtrack

Skojarzenia: Q=>A GOFAI! Skojarzenia LLM=> szukanie.
| Z O dzO CoTYkeok (o kroku.
5 NJ_S ¢ 2(Tod)&stukahie
D NJ ¥ & (Galgrbzumowanie.
{ OKSYlI (& YelftAo
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https://www.promptingguide.ai/techniques/cot
https://www.promptingguide.ai/techniques/tot
https://github.com/spcl/graph-of-thoughts
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Alc Ludzie

Al performance vs human performance on select benchmarks

Human Level Performance

2000 2004 2008 2012 2016 2020 2024

Year

Reading handwriting (MNIST) Basic English language understanding (GLUE)
Speech recognition (Switchboard) ®- Multi-task language understanding (MMLU)
Image classification (ImageNet) “® General problem-solving (Big Bench)
Basic-level reading comprehension (SQUAD 1.1) & Competition-level mathematics (MATH)
Medium-level reading comprehension (SQuAD 2.0) ®- Ph.D-level science questions (GPQA)



