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mierzona przefMRIjest dontin, CAtEQOTy-average patterns
skorelowana z cechami z Mg 0

30t 0621 A0K ais m@w.mmgzﬂm
nauczeniu na 100 obrazach. : fMRI activity ~ Decoder ~ Predicted . turtle’

1, RdzSe2 ot 1@ - e .

wybierany jest obraz o " : "8 ‘leopard’
}/ I 201 NRI ASZ2 | an orifnined ) Sy ‘ ,
cechach. Training data set L : skyscraper
Horikawa Kamitanj Image B2 )N = 2 F’ :,‘";f? ‘dolphin’
Generic decoding of seen an E oy pay e —

Brain act P Y eee
imagined objects using in activity (g E[: Aegt JI
hierarchical visual features. Feature pattern w.fl i . u.d

Nature Comm. 2017.
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Ozcelik (2022)

Visual Stimulus Brain Encoding

T ——

Gaziv (2022)
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"Mi -Vis'' Benchmarks

Chenet al. (2022)MInD-Vis SparséMasked Bran Modeling with DoubleConditioned LaterDiffusion
Model for HumarVison Decoding.
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Rekonstrukcja semantyczndMRI

1
Feature
extraction Encodin g {t)

Candidates

M-St

Predictions

Proposed
continuations

Y model

1.5-32 0.6

isaw a

dog

-
—_—

28 02 15
-02 21 22

03 09 -27

p—

Encoding
model

-1.5-32 0.6
28 02 15

isaw a
dog with

isawa

dog and

isaw a

big dog

02 21 22 /

03 09-27 BT /
B a Likelihood

isaw a
big truck T (.

Actual stimulus

I got up from the air mattress and pressed my face against
the glass of the bedroom window expecting to see eyes
staring back at me but instead finding only darkness

i didn't know whether to scream cry or run away instead |
said leave me alone i don't need your help adam
disappeared and i cleaned up alone crying

that night i went upstairs to what had been our bedroom
and not knowing what else to do i turned out the lights and

lay down on the floor

Decoded stimulus

i just continued to walk up to the window and open the
glass i stood on my toes and peered out i didn't see
anything and looked up again i saw nothing

started to scream and cry and then she just said i told you
to leave me alone you can't hurt me i'm sorry and then he
stormed off i thought he had left | started to cry

we got back to my dorm room i had no idea where my bed
was i just assumed i would sleep on it but instead i lay
down on the floor

Candidates
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GAN: Adversarial
training

VAE: maximize
variational lower bound

Flow-based models:
Invertible transform of
distributions

Diffusion models:
Gradually add Gaussian
noise and then reverse

Kompresja | generatywna Al
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https://youtu.be/1pgiu--4W3I?si=s6HMFpA6Sf2DECEX
https://www.youtube.com/watch?v=EhndHhIvWWw
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https://arxiv.org/abs/2503.02537v2
https://doi.org/10.48550/arXiv.2502.09992
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https://gamengen.github.io/

Gene 3: Imagery, virtual worlds

Genie 3: A largscale foundation world modelGoogle DeepMind

{eaitsSye 3ISYySNrueéegysSe a dzOl yS2 AyiaStAaSyoOaa

(062NI SYAlL 20Nl Tsg A FA s5gd D223fS DSYAS o
YVASA12Z01 2yN N3OY2NRRY gAFNEI2ZRYEOKZ &0SN
A 20Syeée dzOAStSIyAzyeOK Syidsgd | ASyde Y230

¢SNIT |3SyGeé DSYyAS o Y | YAOSX LI2NH¥zaT I 2n0 a
1 f 32NBEUY 5NBFYSNEo dzQIl ! it

atiboAtyS3az Y2RStdz I ¢ i

rekurencyjnych sieciach neuronowych (RNN) J )

Burchi M., &Timofte, R. (2025). Q ,,,,,,,,,,,,,,, W

Learning Transformdsased World Models ( ﬂﬂDQOD S
with Contrastive Predictive Coding DREAM oF

arXiv:2503.04416 ELECTFQIC,

U OHeEP \ ' : : " O
%\W I N A

||||lL S


https://deepmind.google/discover/blog/genie-3-a-new-frontier-for-world-models/
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bardziej z problemami EDUCATION
psychologicznymi,

I : CREATIVITY AND
egZyStenCJalnymL RECREATION

‘4 Themes

‘ PERSONAL AND
:’RO F\S ONAL S‘JPPORT

C ON ENTC RFATI[)N
AND EDITING

LEARNING AND
EDUCATION

Use cases

Generating
ideas

Therapy/
companionship

Specific %
search Ut
Editing

text

Exploring topics
of interest

Fun and
nonsense

Troubleshooting SRS

Enhanced
learning

Personalized
learning

General
advice

gl TECHNICAL ASSISTANCE
A«NDTROU[:LFSHOOTII\(

CREATIVITY AND
RECREATION

RESEARCH, ANALYSIS,
AND DECISION-MAKING

2025

Therapy/
companionship

Organizing my life
(new use case)

Finding purpose

(new use case)

learning

“ B Generating code
W (for pros)

Generating
ideas

Fun and
nonsense

B Improving code
= (for pros)

Creativity

Healthier
living


https://hbr.org/2025/04/how-people-are-really-using-gen-ai-in-2025
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Basic Input- Chain-of- Multiple CoTs (CoT-SC) Tree of Thoughts (ToT)
Output (I0) -Thought
(CoT)

Graph of Thoughts (GoT) [This work]
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* from a chain Z 2

Output

Backtracking
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A ti \ » Aggregating
gg}rlt;ggsmg Q thoughts

Key novelty (beyond ToT):
Arbitrary graph-based thought Output
transformations (aggregating

thoughts into a new one,

looping over a thought to

refine it)
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score
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LLM thoughts independent chains it further, and possibly
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.. Backtrack
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https://www.promptingguide.ai/techniques/cot
https://www.promptingguide.ai/techniques/tot
https://github.com/spcl/graph-of-thoughts
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GPQA benchmark

GPT-3.5 i
208 M Claude 3 Opus 3.5 Sonnet

281% SE St 2T (40T)°  59.4% - 67.2%
50.4% = 59.5%

Llama 2 Gemini 1 Ultra
70B (1.4T) 15T (30T)"
357% ‘SFlesh

Yi-XLarge
72B(3T) SenseNova 5 >48 .2996

379%  600B(10T)

Llama 3 2 Llama 3
7 708 (15T) 4058
bﬂ 39.5% >48%
Human avg Chance PhD (general) PhD (domain expen)
=0-1%"* 25% 34% 65%
; GPQA=20% GPQA=30% GPQA=60%
1Q=126 Pqy . Q=132 Pqg IQ=150 Peg os

& LifeArchitect.ai/ig-testing-ai

Rein, D et al. (2023EPQA: A Graduateevel GoogProof Q&A BenchmarkrXiv:2311.122
448 extremely difficult questions: highly skilled rexpert validators reach 34% accuracy with >30 minutes
of web access, experts pursuing PhDs in the corresponding domains readid 5%



https://doi.org/10.48550/arXiv.2311.12022
https://lifearchitect.ai/iq-testing-ai/

Inteligencja to tylko kwestia skali?

SCALE IS ALL YOU NEED -

AGI IS L‘OMING




Model size (billions of parameters)

Exponential growth of LLMs stopped
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Software-engineering tasks where selected
LLM achieves a 50% success rate

Skomplikowaneadania
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https://metr.org/blog/2025-03-19-measuring-ai-ability-to-complete-long-tasks/

MedQA (USMLE-style) Test Accuracy (%)
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Eliciting knowledge from LLMs

W GPTH4 with Medpromptachieves statef-the-art performance on a wide range of medical

challenge problems (Microsoft Research), and in other domains.

W The Power of PromptingMicrosoft Research

) , GPT-4
--No fine-tuning (Medprompt)
-® |ntensive fine-tuning (90.2)

GPT-4 base
(86.1)
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- PubMedBERT
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h {9 0} Reasoning
Biology Required
" ess /
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https://www.microsoft.com/en-us/research/blog/the-power-of-prompting/

Al Scientist
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